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What IBM offers
The platform
for Al and data
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watsonx.data

Scale AI workloads, for all
your data, anywhere
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Enable responsible,
transparent and explainable Al
workflows
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Scale and accelerate the impact
ot AI with trusted data




Market trends
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Market growth
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Saa$sS
$31bn 2025
27% CAGR ('21-'25)

On-prem
$12bn 2025
2% CAGR ('21-'25)
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IBM watsonx.data & us-east ®

watsonx.data

(0} . .
Welcome home, yuankal.shen@ibm.com.
U I P t |_ D—I = You've been logged in for 8 minutes.
Oortal = g
&
L
=07l .
Bl
s0L . )
Architect your lakehouse Work with your data -
O Define and associate infrastructure components to make Build and run queries against your data, monitor their
your data queryable for you and others. progress, and save them for reuse.
(& Infrastructure manager - Query workspace -
Welcome to IBM watsonx.data. Infrastructure components Recent ingestion jobs Recent tables

Thank you for participating in our beta program; we're

looking forward to your feedback! Engines Catalogs iceberg-beta.think_db.products =
. S 4 — 4 —
Due to beta infrastructure limitations, iceberg-beta.default.order_detail =i
— At most one (1) engine may be provisioned at any given
tine Running
— Most engine operations - provisioning, pausing, Sl Gl ZRss e et no O ~
resuming - may take 5+ minutes to demonstrate No recent ingestion jobs.
progress and/or complete, and may report inaccurate Buckets Databases Create an ingestion job to move data bludb."dp_target"."customer"” =

statuses while in progress

from a local or remote file system into
1- 2>
watsonx.data.

View beta documentation [ View all infrastructure components View all ingestion jobs Explore more tables

Saved queries Recent queries

2023-04-30 23:53:43.403 RUNNING

select * from system.runtime.queries order by query_id desc
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Hey Lisa ¥®, how can I help you?

Semantic

Semantic Search Table Import . Lakehouse Explorer
Sea rC h Watson interacts with lakehouse catalogs and Watson lets you import custom data tables to Explore the lakehouse with an interactive topic
iIndices to aid in data discovery: retrieve tables the lakehouse and enriches semantically by map that displays relationships between all
based on semantically enriched metadata. annotating glossary concepts and by tables and all business glossary concepts to
generating metadata. provide an overview.
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I'd like to see If customer churn can be
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explatned by economic adia. Hey Watson, I'd like to import data fo Hey Watson, what's in my lakehouse?
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the lakehouse.
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